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Fig.5 Left: The clustering result of DCNN feature
output of M1’s acceleration data in 8 clusters,
Right: The clustering result of raw accelera-
tion data of M1 in 8 clusters.
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Fig.6 Left: The clustering result of DCNN feature
output of P1’s acceleration data in 14 clusters,
Right: The clustering result of raw accelera-
tion data of P1 in 14 clusters.
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by inputting acceleration data and raw acceleration data.
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